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ABSTRACT

Introduction/Importance of Study: Artificial Intelligence (Al) has recently become a powerful
tool for different disciplines including healthcare. One of the new possibilities it opens up in
clinical psychology is its ability to forecast mental health disorders. This paper aims to discover
the healthcare professionals, artificial intelligence specialists, and psychologists’ perceptions
about the use of Al in the forecast of mental health disorders.

Novelty Statement: This study aims to evaluate the current EU professional awareness, efficacy
impression, and ethical and regulatory standpoint required for Al application on mental health
prediction forecasts efficiently in a quantitative manner.

Material and Methods: The study design employed was cross-sectional in nature and data was
gathered from 250 professionals with the use of a structured questionnaire instrument. The survey
included questions about participants’ awareness of Al, its efficiency in their workplaces, their

concerns about privacy and ethical issues as well as their opinion about strict regulation in this
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sphere. Data analysis tools that were used included descriptive statistics, correlation analysis as
well as regression models.
Results and Discussion: A moderate level of awareness of Al is realized through low awareness
of Al in mental health. A total of 11 participants were interviewed, self has been noted to have
positive views about the use of Al but there is concern about privacy, trust, and the ethical use of
artificial intelligence in diagnosing mental health disorders. A majority viewed that regulation on
the use of Al in this area should be enhanced. What these results indicate is that although there
might be numerous possibilities for having Al, there are crucial areas of concern in terms of trust,
privacy, and accuracy.
Conclusion: The integration of Al into mental health has the benefit of reaching a large number
of people, yet, the barriers need to be resolved, in terms of ethical issues, implementation of a
clearer and transparent approach to be established, and trust from mental health professionals.
KEYWORDS: Artificial Intelligence (Al), Mental Health Disorders, Clinical Psychology,
Forecasting, Healthcare Professionals, Al Awareness, Ethical Concerns, Regulation
Introduction

Al can now be considered a groundbreaking technology in the contemporary world that
has caused an unprecedented change in demand in many spheres of human life such as finance,
retailing, and medicine. Thus, in the sphere of healthcare, Al appears as a tool that can increase
diagnostic accuracy and effectiveness of treatment, as well as monitor the patient’s conditions in
real-time. In this regard, the function of Al is gradually growing vital in mental health care
services, as it has the possibility of providing creative solutions to issues that have been
longstanding in the provision of mental health disorders assessment and management. In essence,
common mental health disorders which can entail depressive disorder, anxiety disorder,
schizophrenia, and bipolar disorder are not easily diagnosed during their initial stages (Elyoseph,
Levkovich, & Shinan-Altman, 2024) (Graham et al., 2019).

A significant number of patients still get overlooked, or misdiagnosed because the tests
relating to mental health are quite invasive, and so people rarely seek them. Given this, Al

technology can prove to be useful for addressing these challenges viably by preceding a vastly
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enhanced recognition of mental health status. Without a shadow of a doubt, Al has given a new
direction to severe psychological disorders prediction through EHR, behavioural pattern data,
social media content, and even wearable physiological signals. In this case, Machine learning
algorithms can analyze these data points to recognize trends and relationships that may point
toward mental health problems, for preventive measures to be taken. For instance: Al can note
shifts in vocalization, sleep cycles, and social communication—these are signs that are correlated
to MHDs but do not show up in normal physical examinations (Alkahtani, Aldhyani, & Algarni,
2024) (Lee et al., 2021).

This capability presents the opportunity to practice mental health in a more preventive
manner with clinicians being able to address symptoms before they turn into dangerous or serious
chronic illnesses. However, many difficulties and risks have to be considered to make Al effective
for the practice of mental health care. This is especially true in predicting mental health disorders
where the accuracy of the data that an Al system feeds on is questionable. Greater thinking
capabilities of Al means that the models can analyze big data sets and identify patterns even if they
are beyond human understanding, however, mental health is largely qualitative and is affected by
several factors which may not always be easily quantifiable into data sets. “One might say that
human emotional subtlety and mental disorders’ nature can be a problem for Al diagnostic
capabilities leading to questions of whether Al can function as an adequate supplement or a
possible replacement for human judgment in the sphere of mental health (Olawade et al., 2024)
(D’ Alfonso, 2020).

Secondly, and more importantly, ethical issues contribute toward discussions about Al in
mental health. Information relating to mental health is deemed to be some of the most private and
personal, and applying Al in mind-related data collection and analysis poses very many questions
as to privacy, confidentiality, and even consent to data collection and usage. Some patients are
uncomfortable with Al systems performing tasks, especially relating to their mental health since it
exposes sensitive information to possible abuse, data breaches, or automated care. To boost
confidence from the patients and health professionals, strong measures must be put in place to

guarantee the data security of patient information as well as standardize the ethical conduct
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concerning the use of Al in the health sector especially in the mental health platform (Rogan,
Bucci, & Firth, 2024) (Chung & Teo, 2022).

This article also raises more concerns relating to the bias that might be built into most
contemporary Al. This simply means that an Al model will perform very well in as much as the
datasets fed to the model are non-biased since the Al models are deemed to learn from the given
dataset. This is a major problem in mental health where the perception and experience of the
disorders are strongly influenced by social and cultural factors, misleading algorithms can result
in wrong diagnosis or sub-optimal treatment for certain groups of clients. Eliminating or
preventing bias in the Al models is an important step toward making mental health accessible and
available to all (Thakkar, Gupta, & De Sousa, 2024) (Shatte, Hutchinson, & Teague, 2019).

Furthermore, there is an increased necessity for the protection of laws that will regulate
the use of Al in mental health. With the increased use of Al in the healthcare industry it has become
paramount to create guidelines and policies to safeguard the execution of Al devices to be safe and
possess high ethical standards. Such insights should be developed through the cooperation of the
professionals in psychological, medical, and IT fields, who are to develop strategies that would
include ethical and safety provisions checking the potential of advanced technologies (Dakanalis,
Wiederhold, & Riva, 2024) (Gamble, 2020).

This research will therefore seek to examine the following questions from a clinical
psychological perspective: What are professionals’ beliefs about the use of Al in predicting mental
health disorders? Thus, seeking the perception of the professionals regarding their familiarity with
Al and its efficacy as well as discussing the identified ethical issues regarding the implementation
of Al into mental health care, this work aims at revealing the clues for the integration of Al into
the sphere while considering its problems. In the long term thus, the aim will have been to increase
knowledge and understanding of Al in the treatment of mental health and to propose a way forward
in the responsible adoption of Al in healthcare (Dhariwal et al., 2024) (Tai et al., 2019).

In conclusion, one can note the undisputed potential of Al in the development of more
efficient approaches in the context of mental health care through more timely and accurate

diagnoses and consistent intervention; at the same time, certain challenges have to be considered.
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Issues concerning reliability, ethical use, and concerns with data privacy and bias need to be
considered to properly incorporate the various Al technologies in a way that will enhance the
experiences of the patients and clinicians. This work affords an insight into how Al can be used in
mental health safely and properly and some foundation for future work in this necessary area of
medicine is established (Diaz-Asper et al., 2024) (Nemesure, Heinz, Huang, & Jacobson, 2021).
Literature Review

Over a few years, artificial intelligence (Al) has emerged as a promising tool and has been
effectively implemented in healthcare, especially in the diagnosis of mental health disorders. This
literature review outlines the existing Al technologies; how the technologies are being utilized in
clinical psychology; some of the issues and risks that are linked with the use of these technologies
and some of the ethical implications of using the technologies. There is great potential in using Al
in mental health as it helps increase the accuracy of predictions, facilitate a diagnosis, and suggest
possible treatment methods. Nevertheless, there are some unresolved issues, including data
protection, the ability to control bias in artificial intelligence, and which requires the moral use of
developments carried out by specialists in the field of artificial intelligence to work with specialists
in the field of mental health (Tian & Yi, 2024) (Thorstad & Wolff, 2019).
Application of Artificial Intelligence in the Prediction of Mental Health

Most predictions of mental health disorders are through the use of Artificial Intelligence
involves the use of machine learning, natural language processing, and Deep learning algorithms.
It is essential to note that machine learning algorithms are developed to learn patterns and thus to
diagnose possible mental health problems based on clinical data, behaviours, or self-reported data.
These models are also capable of processing unstructured data like the social media activity dataset
knowledge which has been reported to be associated with mood disorders including depression
and anxiety. Furthermore, the analysis of the written and spoken language provided by NLP is a
way for clinicians to look for signs of the degradation of the patient’s mental health, including
changes to the language used or the tenor of their tone, which indicate early signs of schizophrenia
or bipolar disorder, among others (Moreno-Sanchez, Arroyo-Fernandez, Bravo-Esteban, Ferri-
Morales, & van Gils, 2024) (Meehan et al., 2022).
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In terms of application, Al technologies have been used to enhance the validity of the
prognosis of different mental health issues such as depression, anxiety, schizophrenia, and PTSD
among others. For example, recurrent neural networks (RNNs) and convolutional neural networks
(CNNs) have demonstrated their effectiveness in the diagnosis of behavioural markers of early
potential Alzheimer’s Disease or other Psychiatric Disorders. These are fed on large databases,
commonly EHRs, and have the ability to factor in numerous aspects comprehensively for
prediction including medical history, medication compliance, and socio-economic status among
others. The application of such models is expected to have a great potential for enabling timely
interventions that, in turn, result in significant improvement in the treatment as well as a reduction
of overall healthcare expenditure (Rajkishan, Meitei, & Singh, 2024) (Fonseka, Bhat, & Kennedy,
2019).

Prognosis of Tests and Individual Approach

The level of customization is one of the biggest benefits Artificial Intelligence brings to
the mental health industry. Using a set of attributes, IT can forecast the expected mental health
future of each patient and help clinicians fine-tune the interventions built on patients’
characteristics. Prior mental health tools comprise point checklists of self-reported symptoms and
practitioner observations that in some cases result in artificial or latent diagnoses. Al on the other
hand does rely on factual data, for instance, biometric data (heart rate, sleep pattern) with cognitive
tests in addition to patient history to give a more credible account of a patient’s state of mind. Such
an approach could help eliminate the hit-and-trial process in the treatment carried out for patients
suffering from psychiatric disorders who had to undergo the trial process in search of the right
treatment method or medicine that would fit them or not (Huang et al., 2024) (Su, Xu, Pathak, &
Wang, 2020).

Still more, through training Al models experts making diagnostic corrections get an
opportunity to determine the effectiveness of various treatment options for certain mental health
disorders. For instance, the application of machine learning algorithms has been applied to
identifying the patients that respond well to cognitive behavioural therapy (CBT) which is among

the most utilized treatment for depression and anxiety. Thus, such predictive capabilities allow the
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clinician to give recommendations based on the patient’s history and avoid cases where a patient
spends time on placebo treatments (Elyoseph & Levkovich, 2024) (Bickman, 2020).
Ethical and Privacy Concerns

Despite having immense possibilities to revolutionize mental health therapy, Al has that
moment when it is incorporated into clinical psychology that incites essential ethical questions.
This is perhaps one of the major concerns: data privacy or rather the lack of it. Al systems are
primarily based on the utilization of large amounts of personal data that may potentially reveal a
person’s state of health. The use of such kind of data poses some form of risk in terms of the
confidentiality of the patient, especially where adequate measures for the protection of data have
not been observed. In addition, there is fear about privacy and especially how this data will be used
by insurance companies or employers against the individuals predicted to develop a mental health
disorder (Ugar & Malele, 2024) (Le Glaz et al., 2021).

There is another type of ethical concern which is the bias in Al algorithms. The prejudices
about mental health data are the same prejudices that embrace Al systems through the lens of race,
gender, and SES. There has been a lack of research on the diagnoses and treatment of minorities’
mental health or inadequate mental health care provisions, and if Al systems are adopted with
prejudices, the same results may happen. If Al is to be ethically implemented in mental health,
then these biases have to be eliminated through the use of data samples that reflect society’s
diversity (Lamb et al., 2024) (Landers & Behrend, 2023).

Collaboration between Al and Mental Health Professionals

To address these questions and provide solutions we need to foster cooperation between
specialists in artificial intelligence and mental health experts. Clinicians accurately appreciate
challenges related to mental health disorders, while Al professionals are specialists in developing
and enhancing predictive models. If there is no close cooperation between those powers, Al may
be used without adequate supervision and with a lack of knowledge about its shortcomings. For
example, although Al knows the probability of a mental disorder, it cannot consider various factors
that define a patient’s mental status (Li, Peng, & Rheu, 2024) (Elyoseph & Levkovich, 2023).
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Furthermore, it should also be noted that mental health professionals are also important in
the analysis of the results of Al systems. Clinicians need to avoid depending on Al-driven
prediction since such predictions have to take into account the patient’s history of mental health
issues. Here is how Al and mental health professionals can create algorithms that are integrated
and enhance current kinds of caring (Karizat, Vinson, Parthasarathy, & Andalibi, 2024) (Uddin,
Dysthe, Fglstad, & Brandtzaeg, 2022).

Research Methodology

In a general objective, this research aims to assess the use of artificial intelligence (Al) for
forecasting mental health disorders from a clinical psychology perspective. The quantitative
research method will be used whereby data is collected in a measurable and therefore a scientific
manner and can be generalized for a bigger population. Using the quantitative method is suitable
for this study since it is an orderly approach that can be used to address perceptions, attitudes as
well as awareness of Al in diagnosing mental health disorders. This research will employ a cross-
sectional research design this is a type of research where data will be collected at a single instance
from the actual participants (Rai & Pandey, 2024) (Uban, Chulvi, & Rosso, 2021).

Research Design

Concerning the research design, this study is a descriptive and cross-sectional survey. The
employment of the descriptive approach enables one to reveal and analyze the views, information,
and perceptions that different categories of people, including healthcare professionals,
psychologists, Al specialists, and researchers, hold and have about the use of Al in diagnosing
mental health disorders. The cross-sectional design enables data to be collected from more than
one participant at a time; however, it provides only a momentary picture of the participants’
perspectives on Al in clinical psychology. This design also works out cheaper and faster, in that,
the study can be done within the set time (Giiltekin & Sahin, 2024) (Dekker et al., 2020).
Population and Sampling

The target population of this study will be professionals who have some contact or
interaction with Artificial Intelligence or Clinical psychology; healthcare practitioners,

psychologists, artificial intelligence researchers, and data analysts. The sampling framework will
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comprise people from the fields of mental health care, Artificial intelligence studies, and practice.
A random method of sampling will be used so that subjectivity and bias in sample selection can
be reduced to the barest minimum. By using this technique, it will be easier to ease the
generalization of the results for the whole population since the sample shall be chosen randomly
among the population (Stade et al., 2024).

To make the results of the study valid, 250 participants will be chosen randomly. Then, to
be included in the study, participants must be fairly knowledgeable about Artificial Intelligence
and mental health, or they must be employed in professions that utilize Al for mental health
predictions. Some reasons for exclusion will be; subjects employed in other fields other than
healthcare, Al, and psychology; and any subject who does not wish to participate in the survey
(Vasani et al., 2024).

Data Collection

Participants will be recruited using an online survey in which structured questionnaires will
be administered through professional networks, social media pages, and professional email lists.
The questionnaire will contain several closed-ended questions mainly in the form of a five-point
Likert scale to measure the participants’ level of awareness about Al its potential and challenges
in identifying Mental health disorders, ethical considerations such as privacy and regulation of Al
in the healthcare sector (Gooding & Maker, 2024).

This will be an online survey and the format will kept simple so that users of different age
groups and knowledge levels can participate in the survey it will be made available on different
platforms (Laptops, Smartphones, tablets). Some of the websites that will be used to invite
participants include LinkedIn, relevant professional forums, and any conference in psychology or
Artificial Intelligence and the participants will be selected in such a way that they will be from
different backgrounds and with different working experiences (Kim, Kim, & Lee, 2024).
Instrumentation

The questionnaire will consist of 15 to 20 questions divided into different sections: specific

demographic details, prior knowledge of the use of Al for mental health prediction, legal and moral

1020



al of Medical &

Journ: urnal of Medical &
Health Sciences Review

Jo!
Health Sciences Review

https://jmhsr.com/index.php/jmhsr

implications involved, and views of Al in the healthcare setting. Likewise, the use of Likert scale
questions (subjective questions with options ‘Strongly agree, ‘agree’, ‘neutral’ ‘disagree’,
‘Strongly disagree’) will enable quantitative measurement of the degree of attitude and perceived
beliefs for statistical analysis (KHARE, ACHARYA, SHUKLA, & SACHDEYV, 2024).

The type of questions will not be leading or contain biased words, and only relevant
questions will be asked; this survey will be pre-tested with a few professionals. Appropriate
changes will be made for the outstanding parts depending on whatever they supply in their
feedback (Khalifa & Albadawy, 2024).

Data Analysis

When the data is gathered, it has to be cleaned and treated statistically by tools like SPSS
or R: frequency, mean, standard deviation, etc. will be applied to the data to give a better and
shorter overview. Descriptive statistics including correlation and regression analysis will be used
to test hypotheses of the relationship between variables, for example, the relationship between the
frequency of use of Al and their perception of the Al-based mental health predictions
(Weisenburger et al., 2024).

A regression model will also be employed to test the accuracy of Al diagnosis of MH
conditions with the help of participants’ answers. Levels of significance will be set at 0. 05 to
measure the level of significance in the results obtained (Jelassi, Matteli, Khalfallah, &
Demongeot, 2024).

Ethical Considerations

The ethical issues will follow while conducting the study to make sure that all the people
who are participating in the survey have agreed to do so voluntarily. Participants will also be told
the objectives of the research, the fact that they are free to participate or refuse to participate in the
study and that they can withdraw from the study at any time without any reasons being given.
Participants’ identities will not be compromised at any point in the study; the data collected will
be kept private and anonymized before analysis (Xu et al., 2024).

Data Analysis
Here is the table displaying the result for Cronbach’s Alpha (Reliability Test):
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Interpretation of the Tables and Figures
The series of charts and figures prove useful for understanding the perceptions and attitudes
toward Al about the prediction of mental health disorders (Sailaja & Narendra, 2024).

1. Distribution of Familiarity with Al & Al in Mental Health Prediction

The first series of charts reveals that most of the respondents have a moderate awareness of Al
overall. However, awareness about the usage of artificial intelligence in mental health is slightly
lower. This implies that although there is prior knowledge of the concept of Al there seems to be
a lacuna in the application of the same in the prediction of mental health (Rubin, Arnon, Huppert,
& Perry, 2024).

2. In the following table, respondents were asked to rate how effective they think Al will be,
in certain aspects of predicting mental health:

The effectiveness of Al data shows that some people are positive about it while some have neutral
feelings. More than one-third of the participants perceive Al as ‘somewhat effective,” ‘neutral,” or
‘ineffective’ when it comes to the prediction of mental health disorders. A small percentage of
responses shows that only a few people think that Al is very effective which perhaps suggests that,
while Al might be promising there are some doubts or doubts about its precision as well as
accuracy in this certain field (Avula & Amalakanti, 2024).

3. Al familiarity in the Mental Health Prediction

The results about the self-comfort with Al in mental health prediction reveal the fact that even
though some of the participants are comfortable with this technology, several participants display
discomfort with this technology. This may have ranged from doubts over the sufficiency of Al in
coping with intricate psychological disorders and more so because they are complex human mental
states that tend to call for human inferences (Aina, Akinniyi, Rahman, Odero-Marah, & Khalifa,
2024).

4. Adhering to the degrees of trust in predictions made with the help of artificial intelligence

in the sphere of mental health.
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Trust in the Al-generated predictions is also quite low, or non-existent, with the majority of the
participants scoring themselves with low or neutral trust. This may be closely related to the efforts
towards prioritization of openness, or the ethical values as well as the overall responsibility
embedded in Al solutions. Everyone does not agree with or does not trust that Al can be always
helpful; therefore, there is a need to focus on the development and the availableness of sufficient
evidence to support the idea of Al in mental health care (Elyoseph, Refoua, et al., 2024).

5. Privacy Issues relating to the use of Al in Mental Health

The results showed that privacy appears to be a major concern and there seems to be an
understandably high percentage of strong concern about how such Al tools might manage sensitive
mental health information. Such concerns are frequent when it comes to the topic of Al and its use
especially in areas such as the medical field because the privacy of the patient is paramount. This
implies that the protection of individual privacy rights should be adequately enhanced in
supporting trust in Al systems (Haber, Levkovich, Hadar-Shoval, & Elyoseph, 2024).

6. Opinions on Further Restriction of the Use of Artificial Intelligence in Mental Health
Most participants asked for increased regulation of Al in this context than traditional tools. This
implies that there is a notion that it is good to monitor the use of Al in addressing mental health
issues to avoid the worst in it. Since undergoing mental health care is a very sensitive issue,
participants probably think that the Al technologies used in this sphere must be controlled to avoid
adverse outcomes (Deisenhofer et al., 2024).

Discussions: The discourse for this study has noted the divergent views that professionals have
regarding the deployment of Al in anticipation of mental health disorders. Al is considered a
promising approach but the general awareness of its application in mental health remains the least
and this can be taken as a knowledge gap that hinders the promotion of Al on mental health.
Several of the respondents are just ‘neutral’ regarding the efficiency of the Al systems in
diagnosing mental health conditions suggesting both hope and doubt in the systems. This could be
due to the is, that mental health disorders are not simple and many times require human judgment.
Further, the study also identified some severity in the issues of trust with Al-generated prediction

and the issues about ethics and confidentiality of the patient data (Benrimoh et al., 2024).
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A vast majority of participants reported having serious issues with privacy and this is most
probably due to the risky data that pertain to mental health. Moreover, there is an evident trend
toward increasing the focus on regulation, and numerous respondents want more stringent control
of Al applications in mental health versus conventional diagnostic methods. Whereas, this shows
the importance of governance so that Al can be properly incorporated in a risk-free and neutral
manner. Thus, it can be concluded that, while Al has many promising possibilities in the field of
mental healthcare, the issues concerning its trustworthiness, Data protection, and legislation must
be resolved to integrate it into the future practice of clinicians (Husnain, Hussain, Shahroz, Ali, &
Hayat, 2024).

Conclusion

This research shows that there is an increasing focus on the usage of Al for the
identification and diagnosis of mental disorders but the use of Al for this purpose is still in its
infancy due to various barriers. Regarding the data, professionals seem to have moderate
awareness of Al; nevertheless, they have less awareness of Al implementation in mental health
care. People are optimistic and at the same time have some doubts about the effectiveness of Al in
this context, especially in identifying mental health disorders. Another area of concern in the use
of Al in this field is trust, especially in areas with privacy and ethical dilemmas.

As shown by the respondents’ answers, there should be better regulations in place to
guarantee that Al technologies can be deployed correctly and in a non-harmful way in mental
health. As a result, attempts should be made to enhance AI’s accuracy, interpretability, and safety
to ensure a successful incorporation of Al into the systems being used. Lastly, professionals should
be made more aware of ways by which the application of Al can help in addressing mental health
disorders.

In conclusion, Al has the potential to change the outlook of diagnosing and treating mental
health disorders; however, challenging issues that are related to effectiveness, privacy, and
morality have to be solved to make its usage in the field of clinical psychology long-term and
effective.
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